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LSVRC(Large Scale Visual RecognitionChallenge)2014
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Results of Large Scale Visual Recognition Challenge 2014

http://image-net.org/challenges/LSVRC/2014/results

ILSVRC 2014
ObjeCT Detection 200 COTegories of objecTs Number of object classes 200
Team name Number of object categories won mean AP Num images 456567
NUS 106 037212 freining Num objects 478807
MSRA Visual Computing 45 0.351103
UvA-Euvision 21 0.320253 o Num images 20121
1-HKUST 18 0.288669 Validation Num objects Ss500
Southeast-CASIA 4 0.304022
1-HKUST 4 0.285616 ) Num images 40152
Southeast-CASIA 2 0.304783 Testing Num objects
1-HKUST 0 0.288669
CASIA_CRIPAC_2 0 0.286158 L — ~ o
HKUST 0 0284595 EAIlCENKBLDeephidrdh ?
1-HKUST 0 0.261543
MSRA Visual Computing - 0.318403
Classification+localization 1000 categories of objects

Team name Localization error Classification error
VGG 0.253231 0.07405
VGG 0.253501 0.07407
VGG 0.255431 0.07337
VGG 0.256167 0.07325
GoogleNet 0.264414 0.14828
GoogleNet 0.264425 0.12724
VGG 0.267184 0.08434
SYSU_Vision 0.31899 0.14446
MIL 0.337414 0.20734
MIL 0.33843 0.21023 g — ~ N
SYSU_Vision 0.338741 0.14446 J:‘M(Ltn<bl/\Deepb\@5b\ ?
MIL 0.340038 0.20823
MSRA Visual Computing 0.354769 0.08062
MSRA Visual Computing 0.354924 0.0806
MSRA Visual Computing 0.355568 0.082
MSRA Visual Computing 0.3562 0.08307
MSRA Visual Computing 0.36118 0.09079
SYSU_Vision 0.363441 0.14446
SYSU_Vision 0.363483 0.14446

0.402965 0.18278
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. Convolutional Neural Network
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Input Feature maps Feature maps Feature maps Feature maps Output
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Intelligence eXchange for Deep Learning
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1) Pascal Visual Object Classes (VOC) challenge
2) Large Scale Visual Recognition Challenge
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